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Simulated Data
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Downscaling Algorithms
SMAP Baseline Downscaling Algorithm + Passive Retrieval Algorithm

 Based on linear relationship between radiometer (Tb) and radar (σ) observations 

SMAP Optional Downscaling Algorithm

 Based on linear relationship between soil moisture (θ) and radar (σ) observations 

Bayesian Merging Method

 Based on the concept of Kalman filter; The final medium-resolution soil moisture product is 

obtained using background soil moisture estimates updated with the observations and model 

predictions.
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Results
Baseline Optional Bayesian Reference
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Baseline Optional BayesianResults
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Conclusion

 Optional algorithm is expected to give better results than the baseline 

algorithm

 Bayesian results are still “work in progress”. Likely to give better results 

but at a higher computational cost.
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